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Abstract - Twitter is a popular platform for people to 
express their thoughts and emotions on various 
occasions. Sentiment analysis is a method of analyzing 
data in order to extract the sentiment that it contains. 
Twitter sentiment analysis is the application of sentiment 
analysis to data from Twitter (tweets) in order to extract 
user sentiments. Over the last few decades, research in 
this field has steadily increased. The reason for this is the 
difficult format of the tweets, which makes processing 
difficult. Because the tweet format is so small, it creates a 
whole new set of issues, such as the use of slang and 
abbreviations. In this paper, we demonstrate the use of 
sentimental analysis as well as how to connect to Twitter 
and execute queries using sentiment analysis. We conduct 
tests on several issues, ranging from politics to humanity, 
and provide the intriguing findings. We discovered that 
the level of neutral sentiment for tweets is very high, 
which amply demonstrates the shortcomings of the 
existing works. 

1. INTRODUCTION  

Twitter has emerged as a major microblogging website, with 
over 100 million users daily sending out over 500 million 
tweets. Twitter's large audience has consistently drawn 
users to express their opinions and perspectives on any 
issue, brand, company, or another topic of interest. As a 
result, many organizations, institutions, and businesses use 
Twitter as a source of information. 

Twitter users can express themselves in the form of tweets, 
which are limited to 140 characters. As a result, people 
condense their statements by using slang, abbreviations, 
emoticons, short forms, and so on. Along with this, people 
express themselves through sarcasm and polysemy. As a 
result, the term "unstructured" is appropriate for the Twitter 
language. To elicit emotion from Sentiment analysis involves 
determining the sentiment of a specific remark or sentence. 
It's a categorization technique that extracts opinion from 
tweets and creates a sentiment, which is individualized 
depending on the topic of interest. It's our responsibility to 
determine what characteristics will determine the feeling it 
conveys. 

The class of entities that the person conducting sentiment 
analysis intends to find in the tweets is referred to as 
sentiment in the programming model. The sentiment class's 
dimension is a key aspect in determining the model's 
effectiveness. For instance, we may classify tweet sentiment 

into two categories—positive and negative—or three 
categories (positive, negative and neutral). The class of 
entities that the person conducting sentiment analysis 
intends to find in the tweets is referred to as sentiment in the 
programming model. The sentiment class's dimension is a 
key aspect in determining the model's effectiveness. 

Many businesses and organizations now utilize sentiment 
analysis to evaluate customer feedback on a product or their 
response to an event without the need for surveys or other 
pricey and time-consuming methods. One such social 
networking site, Twitter, one of the biggest networking sites, 
is considered in this thesis. According to the data, there are 
around 316 million active users monthly, and on average, 
500 million tweets are sent each day. 

II. LITERATURE SURVEY 

Sentiment analysis involves determining the sentiment of a 
specific remark or sentence. It's a categorization technique 
that extracts opinion from tweets and creates a sentiment, 
which is individualized depending on the topic of interest. 
It's our responsibility to determine what characteristics will 
determine the feeling it conveys. The class of entities that the 
person conducting sentiment analysis intends to find in the 
tweets is referred to as sentiment in the programming 
model. The sentiment class's dimension is a key aspect in 
determining the model's effectiveness. 

For instance, we may classify tweet sentiment into two 
categories—positive and negative—or three categories 
(positive, negative and neutral). The class of entities that the 
person conducting sentiment analysis intends to find in the 
tweets is referred to as sentiment in the programming 
model. The sentiment class's dimension is a key aspect in 
determining the model's effectiveness. learning approach 
uses feature extraction while training the model with a 
feature set and dataset. 

III. DESIGN AND IMPLEMENTATION 

Through the use of Twitter's own APIs, this technical paper 
documents the implementation of Twitter sentiment 
analysis. For text mining on social networks, there are 
excellent resources and tools. The full range of the libraries 
utilized in this project has been available. 

We use following approaches to extract sentiment from the 
tweets. 
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1. Download and cache the sentiment dictionary first. 

2. Download the testing data sets for Twitter and enter 
them into the software. 

3. Remove the stop words from the tweets to clean them up. 

4. Tokenize all of the dataset's words before feeding them to 
the program. 

5. For each term, contrast it with the dictionary's definitions 
of words having positive and negative connotations. Then 
raise either the positive or negative count. 

6. In order to determine the polarity, we can calculate the 
outcome percentage based on the positive and negative 
counts. 

3.1 IMPLIMENTATION 

Python was used in this study to implement sentimental 
analysis. Several packages have used it, notably textblob and 
tweepy. The commands listed below can be used to install 
the necessary libraries: 

Install tweepy via pip. 

Install textblob via pip. 

Textblob: 

A Python (2 and 3) package called TextBlob is used to 
process textual data. It offers a straightforward API for 
getting started with typical natural language processing 
(NLP) activities like part-of-speech tagging, noun phrase 
extraction, sentiment analysis, classification, translation, and 
others. 

Tweepy: 

You may access the Twitter API with Python quite 
conveniently using the open source Tweepy library. Tweepy 
contains a collection of classes and methods that represent 
the models and API endpoints of Twitter. User’s need to go to 
the apps.twitter.com/app/new and generate the API keys. 

With following steps, we can connect twitter API with 
python: 

Create a free Rapid API user account (or log in). 

Open the Twitter API page on Rapid API. 

As soon as you click "Connect to API," you can start entering 
the parameters and fields for your API Key. 

Start the Twitter API Endpoints testing. 

The below figure says about connecting of python with 
twitter API 

 

Fig 1. User API Keys 

3.1 Dataset: 

The data is retrieved form the twitter using API and that is 
stored in the csv file for the data visualization. This stores 
the tweets that are retrieved form the twitter API and the 
user can see the data for clarification. 

 

Fig 2. Dataset with tweets 

IV. TWITTER SENTIMENT ANALYSIS WITH PYTHON  

 4.1 Python: 

Python is a preferred programming language because of its 
extensive capabilities, applicability, and simplicity. Due to its 
independent platform and widespread use in the 
programming community, the Python programming 
language is the most suitable for machine learning. The 
requirement for intelligent answers to practical issues needs 
the further development of AI in order to automate laborious 
processes that would be difficult to program without AI. The 
Python programming language is thought to be the ideal 
technique for automating these processes since it is more 
straightforward and consistent than other programming 
languages. Additionally, the vibrant Python community 
makes it simple for developers to discuss projects and offer 
suggestions for improving their code. 
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4.2 Tweepy: 

You may access the Twitter API with Python quite 
conveniently using the open-source Tweepy library. Tweepy 
contains a collection of classes and methods that represent 
the models and API endpoints of Twitter. 

It also handles following things like data encoding and 
decoding 

The following figure say about setup of tweepy API. 

 

Fig 3. Tweepy API connection 

4.3 Textblob: 

A Python library for Natural Language Processing is called 
TextBlob (NLP). Natural Language Toolkit (NLTK) was a tool 
that TextBlob actively employed to complete its tasks. The 
NLTK library enables users to do categorization, 
classification, and a variety of other tasks while providing 
quick access to a large number of lexical resources. TextBlob 
is a straightforward library that provides intricate textual 
analysis and processing. 

A sentiment is identified by its semantic orientation and the 
force of each word in the sentence for lexicon-based 
techniques. This calls for a pre-defined dictionary that 
divides words into negative and positive categories. A text 
message will typically be represented by a bag of words. 
Following the individual scoring of each word, the ultimate 

sentiment is determined by performing a pooling procedure, 
such as averaging all the sentiments. 

TextBlob returns a sentence's polarity and subjectivity. The 
polarity scale is [-1,1], where -1 represents a negative 
emotion and 1 represents a good emotion. Negative words 
turn the polarity around. Semantic labels in TextBlob 
facilitate detailed analysis. Emoticons, exclamation points, 
emoticons, etc. are a few examples. The range of subjectivity 
is [0, 1]. Subjectivity measures how much factual information 
and subjective opinion are present in the text. The content 
contains personal opinion rather than factual information 
due to the text's heightened subjectivity. One other setting 
for TextBlob is intensity. TextBlob uses the "intensity" to 
determine subjectivity. Whether a word modifies the next 
word depends on its intensity. Adverbs are used as modifiers 
in English, such as "extremely good." 

4.3 NLTK: 

The Natural Language Toolkit (NLTK) is a Python 
programming environment for creating applications for 
statistical natural language processing (NLP). 

Steven Bird, Edward Looper, and Ewan Klein created the 
Natural Language Toolkit as an open-source library for the 
Python programming language with the intention of using it 
for development and education. 

It is appropriate for linguists without extensive 
programming experience, engineers and researchers who 
need to delve into computational linguistics, students, and 
educators because it includes a hands-on guide that 
introduces topics in computational linguistics as well as 
Python programming fundamentals. 

To gain insights from linguistic data, you can use these 
methods with NLTK using robust built-in machine learning 
procedures. Tasks like tokenization, stemming, 
lemmatization, punctuation, character count, word count, 
etc. can be accomplished with this library. This does an 
analysis of the data and produces the necessary results. 

4.4 Matplotlib: 

For Python and its numerical extension NumPy, Matplotlib is 
a cross-platform package for graphical data visualization and 
charting. This makes it a strong opensource substitute for 
MATLAB. The APIs (Application Programming Interfaces) of 
matplotlib can also be used by developers to integrate plots 
into GUI programmers. 

The way a Python matplotlib script is written makes it 
possible to create a visual data plot in the majority of cases 
with just a few lines of code. Overlaying two APIs is the 
Matplotlib scripting layer. 
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The matplotlib object is the top-level Python code object in 
the pyplot API hierarchy. 

An Object-Oriented API collection of objects that is more 
flexible than pyplot in how it may be put together. The 
backend layers of Matplotlib are directly accessible through 
this API. 

IV. RESULT 

The tweets are received from Twitter using the API, 
analyzed, and the results are shown in the below pie chart. 
The below figure shows the tweets that are retrieved from 
the twitter.  

 

Fig 4. Tweets retrieved form twitter 

The analysis's findings, which show different people's 
opinions on numerous issues, are summarized in the pie 
chart below. In order to analyze their product or business, 
these tweets are analyzed and results are recorded. the 
analysis' findings are based on a variety of queries, including 
those related to movies, politics, fashion, and more. The data 
based on the tweets retrieved are illustrated by the pie chart 
in figure 5. Based on the tweets we retrieve, if we run the 
program at other times, we can receive slightly different 
results. 

 
Fig 5. Output of the tweets analysis 

This shows the analysis of the tweets about Virat Kohli based 
on the latest 100 tweets and more tweets can also be 
retrieved based on the user’s needs. 

Three different categories are defined as positive, negative 
and neutral tweets. 

In the above pie chart, the results are as follows: 

Positive tweets percentage: 23.0 %  
Negative tweets percentage: 69.0 %  
Neutral tweets percentage: 8.0 % 

The fraction of neutral tweets is notably high, as shown in 
the pie chart. It's also crucial to note that, depending on the 
experiment's data, we can obtain various conclusions 
because people's opinions can alter in response to external 
factors. 

V. CONCLUSION 

 Twitter sentiment analysis comes under the category of text 
and opinion mining. It focuses on examining the sentiments 
of the tweets and feeding the data to a machine learning 
model in order to train it and then test its precision, so that 
we may use this model going forward based on the results. It 
entails actions including gathering data, text pre-processing, 
sentiment categorization, sentiment detection, model 
training, and testing. The models used in this research have 
improved over the past ten years, attaining efficiencies of 
roughly 85%–90%. However, the dimension of data variety 
is still missing. In addition, it has numerous application 
problems due to the slang and abbreviations employed. The 
performance of many analyzers suffers as the number of 
classes rises. Therefore, there is a very promising future for 
the advancement of sentiment analysis. 
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